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Why do most active equity mutual funds underperform? I have researched this question over the last
few years and have unearthed some surprising answers. It is neither because managers lack stock
picking skill nor because of high fees, the two most often cited reasons. On the contrary, nearly 90% of
active equity fund managers are superior stock pickers and, in addition, the funds most likely to
outperform charge higher fees.

The real culprit for most underperformance is the structural decisions made by fund companies: asset
bloat, closet indexing and over-diversification. Collectively, I refer to these as portfolio drag. These
structural inefficiencies can be measured and ranked using a methodology dubbed the Portfolio Drag
index (PDI). Once understood, it is fairly straightforward to avoid high portfolio-drag funds and reap the
value add of skill.

There is a long line of research showing that stock picking skill exists among active equity mutual
funds, generating returns that more than offset fees. Overall, these studies reveal a universe of
investment teams who are very good at identifying profitable opportunities and portray an industry
where superior skill is common. This contradicts a large body of literature that concludes, based on
studies of aggregate active equity fund performance, that managers lack skill. I, along with others,
argue that this underperformance is due to a variety of non-performance pressures and incentives that
lead to building underperforming portfolios, rather than the lack of skill. The resulting impact of
performance-destroying portfolio decisions – or, portfolio drag -- can be seen in a portfolio’s structure.

In this study, the average skill among funds is found to be 3.81%, portfolio drag averages 2.71% and
fees average 1.39%. As a result, 88% of funds display positive skill, with 79% of these large enough to
cover fees, the latter being virtually the same as Berk and Green’s estimate. Consequently, even
though there is substantial skill among active equity funds, none of it is delivered to investors as a
result of portfolio drag. This explains why, in spite of significant skill, the average alpha is -0.29%
across all funds.

Given the important role of portfolio drag in determining performance, it would be useful to have a
measure of the extent to which an individual fund is imposing such a drag. The PDI is introduced as
this measure and is derived from measurements of size, closet indexing and conviction.

The resulting PDI is predictive of subsequent fund alpha and, in addition, future fund flows. Both alpha
and flows decline precipitously and turn negative as PDI increases. A PDI of 40 or less is predictive of
positive alpha and flows, 41 to 60 is predictive of near zero alpha and weak flows and 61-100 is
predictive of both negative alpha and flows. Thus an effective way to identify funds with the best
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chance of subsequently outperforming and also generating positive flows is to focus on those with the
lowest PDI, more specifically, those with a PDI of less than 40.

Disaggregating performance: Stock-picking skill and portfolio drag

A number of recent studies show that truly active funds – that is, not just calling themselves active but
actually taking high-conviction positions -- outperform their closet-indexing counterparts. The three
most important variables (asset bloat, closet indexing and conviction) identified in these studies are
used for the purpose of disaggregating fund performance into skill and portfolio drag. Let’s look at how
each of those degrades portfolio performance.

Asset bloat

This study shows that fund performance declines with fund size as measured by AUM. This is likely
the result of limiting aspects of managing an active equity portfolio. In pursuing a narrowly defined
investment strategy, a fund manager ends up with a small number of “best idea” stocks (it will be
shown shortly that this number is fewer than 20). Put another way, their highly developed strategy
allows them to identify only a few stocks worthy of investment.

As the fund grows, it becomes increasingly difficult to effectively trade this small number of stocks.
Eventually the fund reaches a size where it is not possible to limit the portfolio to best idea stocks, so a
decision must be made either to limit the size of the fund or begin investing in other than best idea
stocks. Unfortunately, the investment industry provides incentives to do the latter, most importantly
because managers are compensated based on AUM. Thus begins the transformation from being truly
active to a closet indexer.

Closet indexing

This study shows that fund performance declines as the R-squared to its benchmark increases. That
is, the more closely a fund tracks its benchmark, turning itself into a closet indexer, the worse the
performance. This is painfully obvious; in order to beat the benchmark, one must differ from the
benchmark. It is truly strange that the industry has evolved to the point where funds are expected to
closely track their benchmark while, at the same time, beat their benchmark!

The widespread requirement that funds maintain a high R-squared to a benchmark is the result of two
important drivers.

First, investors suffer from myopic loss aversion (MLA), arguably the most important cognitive error
identified by behavioral science. Individuals display 2-to-1 loss aversion; That is, they react twice as
strongly to losses as they do to equivalent gains. In addition, investors focus on short-term
performance even when they face a long investment horizon. Combining loss aversion with a short-
term focus leads to bad, myopic decisions by investors, resulting in poor long-term performance.

A fund that does not track its benchmark stirs up MLA in its investors as they emotionally react to
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short-term underperformance. This may prompt investors to leave the fund, thus turning investor
emotion into business risk for the fund. One way to avoid those investor emotions, and the related
business risk, is to closely track the fund’s benchmark. That’s why maintaining a high R-square is a
common approach for catering to investor emotions.

Second, virtually every platform, broker-dealer and institutional consultant within the fund distribution
system assigns a fund to a specific style box and demands that it stay there over time. In fact, style
drift is often viewed as a more serious problem than underperformance. However, the assigned style
box has little to do with a fund’s strategy and, in turn, purchasing stocks in order to remain style
consistent means not staying true to the fund’s investment approach.

This study shows that funds with the greatest amount of style drift outperform those with the least drift
by 3.00%. It also finds that a fund cannot outperform, on average, if it does not style drift.

Emotional catering and style drift avoidance encourage a fund to maintain a high benchmark R-
squared.

Conviction

This study shows that individual stock alphas decline as a stock’s relative portfolio weight rank
declines. A fund’s best idea or high-conviction stocks can be identified by ranking stocks based on their
relative weight within the portfolio. The rank of these weights is predictive of future stock returns for up
to a year ahead, which means the “shelf life” of fund holdings is at least 12 months.

Surprisingly, then, high conviction stocks can be identified by means of holdings and, in turn, these
high conviction stocks subsequently outperform. The corollary is that low-ranked stocks reflect a lack
of conviction on the part of the manager and, in turn, underperform.

As reported in Figure 1, an increase in the top-20 stock weighting leads to an increase in a fund’s
subsequent alpha, with the gain to the top-10 stocks being nearly triple the next 10 stocks (6.1 versus
2.3 basis points annually). For example, increasing the top 10 weighting by 10% improves fund alpha
by 61 basis points. However, increasing the weighting of stocks ranked lower than 20 hurts fund
performance, as the impact on fund alpha is negative as shown in Figure 1.

The 4,000+ funds in the sample hold an average of 113 (median of 75) stocks, which translates into
four- to five-times as many low-conviction as high-conviction stocks. Although there are legitimate
reasons why some funds may choose to diversify more broadly, the results show fund managers
heavily dilute performance by doing so.

One possible explanation is that investors and funds falsely believe that a large number of stocks are
needed to achieve proper diversification in spite of the evidence to the contrary. Another possibility is
that holding a small number of stocks exposes the manager to criticism if a stock dramatically
underperforms and thus has a significant impact on fund performance. As will be shown shortly, over-
diversification may also be a byproduct of asset bloat and closet indexing.
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Whatever the reason, investing in low-conviction instead of high-conviction stocks is a performance-
destroying decision.

Based on ex-post gross fund alpha regressions on cumulative relative weights, estimated using a
data set of 44 million stock-month equity fund holdings from January 2001 through September 2014.

A Common misconception: Stock picking is a zero-sum game

Before proceeding, let’s address a pervasive misconception regarding stock-picking skill. A strongly
held belief within the investment industry is that stock picking across active equity funds must be a
zero-sum game. Such an assertion is true for the stock market as a whole, as stock picking must be a
zero-sum game with as many losers as winners. But this does not have to be the case in every market
segment.

The U.S. stock market has a current total market value exceeding $38 trillion. Active U.S. equity
mutual funds hold $3.6 trillion, about 9% of all equities. So it is entirely possible for the average stock
held by funds to outperform at the expense of the other 91% of the equity universe. Arguing that stock
picking among equity funds must be a zero-sum game is akin to arguing it is impossible to drown in a
lake of average depth of three feet; that lake may have pockets that are 20 feet or more deep. Both
represent indefensible statements.

In particular, this study estimates that the average stock held by active equity mutual funds earns an
alpha of 1.30%, confirming mutual funds do earn superior returns. Indeed, this must be the case in
order for equity funds to cover their fees and, in turn, earn a near-zero collective alpha. Once the
distorting effect of drag is removed, we uncover further evidence that funds are able to earn excess
returns at the expense of the rest of the market.
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Estimating skill and drag

Individual fund stock-picking skill and portfolio drag are estimated using a multiple regression of ex-
post gross fund alpha on ex-ante fund AUM, benchmark R-squared and top-10 relative weight. The
survivor-bias-free sample includes all U.S. active equity mutual funds domiciled in the U.S. over the
period from January 2001 through September 2014, resulting in over 250,000 fund-month
observations.

Stock-picking skill and portfolio drag are reported in Figure 2. The overall average fund skill is 3.81%,
where skill is the gross alpha the fund could earn if it did not face a portfolio drag, that is, no asset
bloat, closet indexing or over-diversification. The average drag of 2.71% is double the explicit fees
(OEX) of 1.39%. The average alpha is -0.29%, which means that, collectively, none of the substantial
skill of active equity managers is delivered to investors, as fees and the much larger drag combine to
wipe out all potential value added.

To demonstrate that skill is widespread, Figure 3 reports the percent of funds, with at least 24 fund-
month observations, that outperformed based on various criteria. Strikingly, 88% displayed skill,
meaning that virtually all funds in the sample were superior stock pickers. This further supports the
growing body of research showing that skill is common among active equity funds.

Also strikingly, 79% of funds have enough skill to more than cover their fees. So explicit fees are not
nearly as large a problem as the industry portrays. Finally, only 41% of funds generated a positive
alpha. The reason, of course, is that the funds impose a drag sufficient to wipe out the skill benefit.
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Table 1 reports the 2001-2014 annual averages for the three drag variables (AUM for asset bloat, R-
squared for closet indexing and rw 1-10 for top-10 weighting), along with portfolio drag, alpha and fund
flows. Over this period, both average AUM and R-squared increased while, on the other hand, top 10
weighting decreased, implying that asset bloat, closet indexing and over-diversification all grew worse
over this 14-year period. Consequently, drag nearly doubled, expanding from 1.67 in 2001 to around
3.00 in 2014. At the same time, both alpha and fund flows decreased substantially.

This period provides a clear picture of how industry performance declines as drag increases. In the first
half, when drag was relatively low, both alpha and flows were generally positive, but in the second half,
when drag was higher, both alpha and flows turned negative. Sometime around 2007 the industry
transitioned from being a collective value creator to a value destroyer. It is entirely possible that the
market distress of 2008 was a major contributor to this change. Regardless, the state of the industry
clearly deteriorated.
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The portfolio drag index

The PDI is a simple measure of the extent to which funds impose a portfolio drag. PDI is calculated as
a scaled value of a fund’s portfolio drag and ranges from 0 to 100.

Table 2 reports average subsequent alpha, as well as annual fund flows for five PDI groups. Group 1
represents 4% of all funds and less than 1% of the industry AUM. In this group, PDI is 20 or less,
average AUM is less than $45 mil, R-squared is less than 75 and relative weight 1-10 exceeds 30%,
producing a drag of 0.6%. Group 1 has the highest alpha at 1.73%, the highest OEX at 1.62% and the
highest annual fund flows at 9.27%. Groups 1 and 2 are the only groups for which both alpha and fund
flows are significantly positive, making them the top-performing groups, but disappointingly the
smallest in terms of total AUM.
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At the opposite end of the performance spectrum is Group 5, with a PDI exceeding 80, an average
AUM exceeding $1.7 bil, R-squared exceeding 96, top 10 weighting of less than 11% and a drag
averaging 3.8%. This group displays the highest degree of asset bloat, closet indexing and over-
diversification, resulting in the worst alpha at -1.0% and worst flows at -1.36%. Distressingly, this is the
largest group, representing over 40% of industry AUM, which translates into an average annual outflow
of $15 billion during this time period. As was shown in Table 1, outflows have grown worse in recent
years.

Groups 1 and 2 are the only ones for which both alpha and fund flows are positive. This implies that
funds should have a PDI of 40 or less, grow no larger than $700 AUM, have an R-squared less than
80 and top-10 weighting of no less than 20%, each based on the respective PDI 40 averages. These
provide guidance on the extent to which a fund can asset bloat, closet index and over-diverisfy and still
add value and generate positive flows. But of course, the less a fund does of each, the better.

Table 3 reports the top and bottom 10 funds, out of the total of nearly 1800 US active equity mutual
funds, for which PDI was recently calculated. Note that those in the top 10 are less familiar while those
in the bottom 10 are generally well known. It is the case that notoriety is frequently associated with
large portfolio drag, implying future underperformance as well as outflows. Investing in a well-known
fund is often detrimental to your wealth.

Higher fees of top-performing funds

The OEX and alpha columns in Table 2 challenge a widely held misconception. Many believe that the
best funds going forward are those with the lowest fees. But Group 1 has the highest fees at 1.62%
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along with the highest alpha, while Group 5 has the lowest fees at 1.15% along with the lowest alpha.
This is the opposite of the conventional wisdom.

The reason for this is that as fees fall, by moving down PDI groups, drag increases even faster. The
underlying driver behind the results reported in Table 2 is an inverse relationship between explicit fees
and implicit drag. Picking the fund with the lowest fees may very well lead to a large drag and thus poor
future performance. Consequently, PDI should be a first level criteria in evaluating funds, with fees as
a secondary criteria.

PDI components: A closer look

Let’s examine the relationship between individual drag components and performance. The impact of
each on fund performance is presented in Figure 4. The impacts of asset bloat and over-diversification
are similar at -12.8 and -13.5, respectively. This means that every one decile increase in either variable
results in a decline in annual fund return by about 13 basis points.

However, increased closet indexing is about 2.5 times more destructive, implying the most effective
way to decrease PDI and reduce the accompanying negative impact on performance is to reduce
benchmark tracking. The cross-variable correlations (not reported) are moderately low, confirming that
the decision of which to change can be made fairly independent of one another.

Based on three subsequent gross alpha, single variable regressions.

Concluding remarks

I developed and tested a measure of stock-picking skill and portfolio drag for active equity mutual
funds. Using a 2001-2014, 250,000 fund-month survivor-bias-free sample, the average fund skill is
found to be 3.8%. Nearly 90% of funds displayed skill while nearly 80% had enough skill to cover their
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fees. This is the good news of this study.

The bad news is that funds make portfolio decisions that end up, collectively, wiping out all of the skill
benefit intended for investors. By means of asset bloat, closet indexing and over-diversifying, funds
hurt performance. The impact of these decisions is dubbed “portfolio drag.” The implicit portfolio drag is
nearly two times explicit fund fees and consequently is the major reason why most funds
underperform, in contrast to the often-stated reasons of a lack of skill and high fees.

The PDI is introduced as a simple combination of the three measures of asset bloat, closet indexing
and over-diversification. It is shown that subsequent fund alpha and flows drop precipitously and turn
negative as PDI increases (i.e. increasing portfolio drag). A PDI of 40 or less is predictive of positive
alpha and flows, 41 to 60 is predictive of near-zero alpha and weak flows and 60-100 is predictive of
both negative alpha and flows.

Making better decisions

PDI is a guide for making better decisions. Investors should purchase low (less than 40) PDI funds and
when PDI rises above 40, sell and invest in other low PDI funds. There is no reason to stick with a
fund whose PDI has risen since there is a large, continuous supply of low-PDI funds. Using such an
approach, investors have the best opportunity to reap superior returns, the ultimate purpose of active-
equity mutual-fund investing.

Thomas Howard, PhD is emeritus professor of finance at the Daniels College of Business, University
of Denver, and CEO and director of research at AthenaInvest, Inc.
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Fund Spy

Does the Star Rating for Funds Predict Future Performance?
By Jeffrey Ptak, CFA and Lee Davidson | 112216 | 06:00 AM | Email Article

Does the Morningstar Rating for funds, more commonly known as the star rating,
predict future performance?

Before we tackle that question, let's briefly review: The star rating is a backward
looking, quantitative measure of a fund’s past performance compared with its
category peers. We’ve long stated that the star rating can be a good starting point
for research for a few reasons:

It is based on funds’ trailing three, five, and 10year returns versus
category peers, not just the most recent year. Longerterm returns are less
unstable and, thus, a better predictor of future performance than shortterm
results.
It compares funds’ netoffee returns and incorporates any sales charges. Our
research has shown that fees are one of the best predictors of future
success. 
It adjusts fund returns to account for risk (technically, “downside volatility”).
This acknowledges that some funds are harder for investors to use and
factors that into the rating accordingly.

In other words, the star rating distills some of the more telling indicators of fund
success into one easytouse measure. This, in turn, can help investors cut a larger
universe of investment options down to size, clearing the way for moredetailed
research from there.

But is it predictive? To answer that question, we recently conducted a detailed
study into the star rating’s predictiveness using two methods:

A regression technique that examined the relationship between the star rating
and fund returns in the month immediately following the rating;
An eventstudy that measured funds’ subsequent returns over various time
horizons.

Here, we summarize the study approach and our key findings. 

Study Approach
The time frame of the study was January 2003 to December 2015 (January 2008 to
December 2015 for alternative funds) and included all rated funds in our database
during that span. In addition, the study included obsolete funds (that is, those that
have been merged or liquidated) and thus does not suffer from survivorship bias.

Using this data, we conducted two tests of the star rating’s predictive power. The
first was a regression procedure, known as a “FamaMacBeth crosssectional
regression,” which sought to evaluate the relationship, if any, between a fund’s star
rating and its return in the next month. In particular, we sought to assess whether
higherrated funds were associated with superior forward onemonth returns
(relative to 3star funds) than lowerrated funds after controlling for numerous
variables, including asset class, Morningstar Category, fund expense, and risk.

http://www.morningstar.com/articles/collection/2-fund-spy.aspx
http://www.morningstar.com/articles/author/489-jeffrey-ptak--cfa.aspx
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The second test was an eventstudy procedure in which we took a snapshot of
funds’ star ratings at a given point in time, measured subsequent performance over
varying time horizons, and then compared the returns of the ratings cohorts over
those event horizons.

We ran twin tests for several reasons. We wanted to conduct a rigorous study that
drew upon innovative research techniques that have been widely adopted and
accepted in academic circles. This explains our use of the FamaMacBeth cross
sectional procedure. However, recognizing that this regression technique could be
less intuitive to some readers, we also sought an alternative that would be more
accessible; hence, our inclusion of the eventstudy procedure.

Key Findings
Using these two performance frameworks, we found that the star rating had
moderate predictive power during the study period.

The FamaMacBeth approach found that funds with higher star ratings had superior
returns even after accounting for expenses and various risk exposures.
Furthermore, these results held across all asset classes except alternatives.

Among equity funds, the forward onemonth returns of 5star funds were
0.09% higher than those of 1star funds, or 1.03% annualized. (To explain
the exhibit below, the average forward month return of 5star equity funds
was 0.05% higher than that of 3star equity funds; meanwhile, the average
forward month return of 1star equity funds was 0.04% lower than that of 3
star funds; hence, there is a 0.09% difference in the forwardmonth returns
of 5 and 1star equity funds.)
Similarly, 5star fixedincome funds registered 0.09% higher forward one
month returns than 1star funds (1.09% annualized), and 5star allocation
funds notched 0.15% higher returns than 1star funds (1.75% per year).
The premiums observed for fixedincome and allocation funds were highly
statistically significant (that is, they are highly unlikely to be the result of
chance), but less so for equity funds.
There wasn’t a statistically significant difference between the performance of
5star and 1star alternative funds. Although it will be the subject of further
analysis, these results could be explained by smaller sample size (January
2008 to December 2015) and model misspecification (owing to unique return
drivers among alternative funds).
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The next exhibit shows the cumulative returns of $1 compounded by the star rating
premiums observed for rated equity funds over time. (The premiums cited above
are averages for the full study period, whereas the next exhibit incorporates the
premiums measured at the relevant points in time.) From this, we can surmise how
the premiums associated with ratings would have translated into material
cumulative differences over time.
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The event study approach led us to similar but lessconvincing conclusions. The
returns of the 5 and 4star rating portfolios were higher than those of the other
star rating cohorts, but not substantially so. Similar to the regression approach, the
event study reveals a consistent (though weak) monotonic pattern throughout all
periods, with the higherrated portfolios delivering better average cumulative
returns, as shown in the exhibit below.

It is also worth noting that 5star funds were far likelier to survive the full event
study horizon, especially the 60month horizon, than lowerrated funds. Lower
rated funds are merged and liquidated away more frequently, sometimes at
considerable inconvenience and tax cost to investors. By contrast, 5star funds live
longer, affording investors greater opportunities to succeed without interruption and
forestalling the need to make an additional investment decision to select a
replacement fund. In this way, one could argue the star rating confers the benefit
of predicting survival.

Conclusion
Taken together, our findings suggest that the star rating had moderate predictive
ability for riskadjusted returns in the short term. Over the long term, the event
study indicates that the star rating has appeared to do more good than harm.

At the onemonth horizon of the FamaMacBeth regression procedure, higher
rated funds exhibited strong persistence in performance that cannot be
explained by their fees or risk exposures. The event study results
corroborate these results over the onemonth horizon.
Longerterm event study results further suggest that, on average, investors
who have bought higherrated funds have tended to earn higher returns than
those who have purchased lowerrated funds, though the magnitude of this
outperformance is low.
Highrated funds were far likelier to survive longer event horizons than low
rated funds.

Jeffrey Ptak, CFA, is head of global manager research with Morningstar.Lee Davidson, CFA, is the
head of quantitative research for Morningstar.



Are the Returns of Jeremy Siegel’s
“Superstar” Funds Likely to Persist?

August 30, 2016
by Larry Swedroe

If historical returns provide useful insights when it comes to identifying skillful active managers, then
surely those funds with the longest track records of success are most likely to be the “winners” of the
future. I tested this hypothesis using data from Jeremy Siegel’s Stocks for the Long Run, an
investment classic.

The 2014 edition contains a list of the 10 best-performing domestic mutual funds over the 41-year
period from 1972 through 2012. Here’s the list for that period with their returns compared to the return
of the S&P 500 Index.

Fund Return (%) 1972-2012

Sequoia 14.2

Mutual Shares Z 13.7

Fidelity Magellan 13.6

Columbia Acorn 12.9

T. Rowe Price Small Cap 12.9

Fidelity Contra 12.4

Davis NY Venture Fund A 12.4

Invesco A 12.3

Fidelity Advisors Diversified O12.2

Janus Fund D 12.1

S&P 500 Index 10.0

While the returns of these funds were clearly impressive, Siegel noted that “chance may have played a
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role.” For example, he determined that the odds that a fund would outperform the S&P 500 by 4% or
more were one-in-12. The full sample Siegel examined was 86 funds. Thus, randomly, seven should
have been expected to outperform at that level, yet only one did.

On the other hand, Siegel determined that Fidelity Magellan’s performance from 1977 through 1990,
under the direction of Peter Lynch, wasn’t due to luck. The fund outperformed the S&P 500 by an
incredible 13% per year. The probability of that occurring was one in 500,000.

That leaves us with a question: What, if anything, do the returns of these 10 best-performing funds
over a very long period tell us about future performance? Is the past predictive of future results? The
fact that these 10 funds had assets under management of $200 billion at the end of 2015 seems to tell
us that investors certainly believed that persistence in performance exists.

The evidence

The table below, based on Morningstar data as of December 31, 2015, provides evidence on how
Siegel’s 10 “superstar” funds have performed over the most recent five- and 10-year periods relative to
comparable offerings from two leading providers of passively managed mutual funds, Vanguard (with
their index funds) and Dimensional Fund Advisors (with their structured-asset-class portfolios). (Full
disclosure: My firm, Buckingham, recommends Dimensional funds in constructing client portfolios.)
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Fund Symbol

AUM
Billions

($)

Expense
Ratio

(%)

Annualized
Return

2011-2015

(%)

Annualized
Return

2006-2015

(%)

U.S. Large Growth      

Sequoia SEQUX 6.7 1.00 11.9 7.6

Janus Fund D JANDX 8.2 0.77 12.1 7.2

Davis NY Venture Fund A NYVTX 13.7 0.86 9.6 5.5

Fidelity Contra FCNTX 109.6 0.64 11.7 8.7

Fidelity Magellan FMAGX15.8 0.68 10.9 5.5

Average   0.79 11.2 6.9

Vanguard Growth Index Fund VSGAX 15.6 0.09 10.2 8.3

      
U.S. Large Value      

Fidelity Advisor Diversified Stock
O FDESX 1.8 0.50 11.1 6.6

Mutual Shares Z MUTHX15.4 0.77 8.5 5.0

Invesco Comstock A ACSTX 12.3 0.82 10.1 5.9

Average   0.70 9.9 5.8

Vanguard Value Index Fund VVIAX 37.9 0.09 11.7 6.5

DFA U.S. Large Cap Value III
Portfolio DFUVX 2.9 0.13 12.1 6.8

      
U.S. Small Cap Growth      
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T. Rowe Price Small Cap OTCFX 8.8 0.91 10.9 8.6

Columbia Acorn LACAX 7.3 1.08 7.6 6.6

Average   1.00 9.3 7.6

Vanguard Small Cap Growth Index
Fund VSGIX 15.6 0.08 10.2 8.4

The following is a summary of the data:

Compared to the benchmark Vanguard index funds, over the most recent five-year period, five of
the 10 top-performing active funds outperformed. Equal-weighting the active funds in each of the
three asset classes (large growth, large value and small growth) and also equal-weighting the
three asset classes, a portfolio of the 10 active funds would have returned 10.1%. An equal-
weighted Vanguard index fund portfolio would have returned 10.7%, outperforming the active
fund portfolio by 0.6%. The underperformance was basically explained by the difference in
expense ratios (an averaged of 0.74%).

Compared to the benchmark Vanguard index funds, over the most recent 10-year period, just
three of the 10 top-performing active funds outperformed. Equal-weighting the active funds in
each of the three asset classes (large growth, large value and small growth) and also equal-
weighting the three asset classes, a portfolio of the 10 active funds would have returned 6.8%.
An equal-weighted Vanguard index fund portfolio would have returned 7.7%, outperforming the
active fund portfolio by 0.9%. Again, the difference in returns is basically explained by the
difference in expense ratios.

Compared to the benchmark DFA large-value fund, over the most recent five-year period, all
three of Siegel’s top-performing active funds underperformed. An equal-weighted portfolio of the
three active funds underperformed the DFA fund by 2.2 % per year (9.9% versus 12.1%). Note
that the underperformance was greater than the 0.57% difference in expense ratios.

Compared to the benchmark DFA large-value fund, over the most recent 10-year period, none of
the three active funds outperformed. An equal-weighted portfolio of the three active funds
underperformed the DFA fund by 1.0% per year (5.8% versus 6.8%). Once again, the
underperformance was greater than the 0.57% difference in expense ratios.

Factor analysis

I’ll now take another look at the performance of Siegel’s 10 top-performing actively managed funds
using the analytical tools and data available at Portfolio Visualizer. Factor analysis helps provide
important additional insights into a fund’s performance because Morningstar asset-class categories are
very broad and actively managed funds can style drift. The table below shows the results of the three-
factor (beta, size and value), four-factor (adding momentum) and six-factor (adding quality and low
beta) analyses. The data covers the period from October 2005 through September 2015. Each t-
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statistic is in parentheses.
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Fund Symbol

Three-Factor
Alpha

(%)

Four-Factor
Alpha

(%)

Six-Factor
Alpha

(%)

Sequoia SEQUX
4.3

(2.1)

4.2

(2.1)

1.0

(0.5)

Janus Fund D JANDX
-2.0

(-1.8)

-1.6

(-1.3)

-1.6

(-1.3)

Davis NY Venture Fund A NYVTX
-0.1

(-0.1)

0.2

(0.2)

-0.8

(-0.8)

Fidelity Contra FCNTX
3.2

(2.3)

1.7

(1.6)

0.1

(0.1)

Fidelity Magellan FMAGX
-3.2

(-2.7)

-1.8

(-1.6)

-1.7

(-1.5)

Fidelity Advisor Diversified Stock
O FDESX

-1.5

(1.6)

-1.2

(-1.3)

-1.8

(-1.8)

Mutual Shares Z MUTHX
1.2

(1.1)

1.2

(1.1)

-1.2

(-1.0)

Invesco Comstock A ACSTX
1.1

(0.8)

1.9

(1.5)

0.4

(0.3)

T. Rowe Price Small Cap OTCFX
-0.7

(-0.5)

0.6

(0.5)

1.6

(1.2)

1.9 1.0 -0.3

Page 6, ©2016 Advisor Perspectives, Inc. All rights reserved.



Columbia Acorn LACAX
(1.5) (0.8) (-0.2)

Average  0.4 0.6 -0.4

When we examine the results from the three-factor analysis, we find that five of the 10 top-performing
active funds generated positive alphas. The average annual alpha of all 10 was 0.4%. Only three of the
funds showed statistically significant alpha at the 5% level, two being positive and the other being
negative.

When we look at the results from the four-factor analysis, we find that seven of the 10 active funds
generated positive alphas. The average alpha of all 10 funds was 0.6%. Just one of the active funds
showed statistically significant positive alpha at the 5% level.

When we include all six factors in our analysis, we find that four of the 10 active funds now show
positive alphas. And the average annual alpha was negative at -0.4%. In addition, none of the alphas
were statistically significant. In other words, the positive alphas we found in the three- and four-factor
analyses were because of the active funds’ loading on quality and low-beta stocks, not a result of
individual stock-selection or market-timing skill.

Summary

The bottom line is that, despite the evidence provided by a very long period of outstanding performance
(1972-2012), over the most recent five- and 10-year periods, as a group these superstars (currently
with $200 billion in AUM) have underperformed comparable passively managed funds from both
Vanguard and DFA. In other words, Jeremy Siegel was justifiably guarded (warning that their results
might have been a result of luck) when it came to determining whether the past performance of the 10
top performers would persist.

While it’s often hard to determine if a fund’s success is a result of skill or luck, we do know that the
success of actively managed funds contains the seeds of its own destruction. Jonathan Berk, in his
paper “The Five Myths of Active Management,” suggested the following thought process: “Who gets
money to manage? Well, as investors know who the skilled managers are, money will flow to the best
manager first. Eventually, this manager will receive so much money that it will impact the manager’s
ability to generate superior returns, and expected return will be driven down to the second-best
manager’s expected return. At that point, investors will be indifferent between investing with either
manager, so funds will flow to both managers until their expected returns are driven down to the third-
best manager. This process will continue until the expected return of investing with any manager is
driven down to the expected return investors can expect to receive by investing in a passive strategy of
similar riskiness (the benchmark expected return). At this point, investors are indifferent between
investing with active managers or just indexing, and an equilibrium is achieved.”

Berk went on to point out that the manager with the most skill ends up with the most money. He then
added: “When capital is supplied competitively by investors but ability is scarce only participants with
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the skill in short supply can earn economic rents. Investors who choose to invest with active managers
cannot expect to receive positive excess returns on a risk-adjusted basis.” If they did, “there would be
an excess supply of capital” to those managers.

Finally, there is a second reason successful active management sows the seeds of its own destruction.
As a fund’s assets increase, either trading costs will rise or the fund will have to diversify across more
securities to limit trading costs. However, the more a fund diversifies, the more it looks and performs
like its benchmark index. It becomes what’s known as a closet index fund. If it chooses this alternative,
the fund’s higher total costs have to be spread across a smaller amount of holdings that distinguish its
composition from the index, increasing the hurdle of outperformance.

Disclosure: The returns data included is from Morningstar. Performance is historical and does not
guarantee future results. Information comes from sources deemed reliable but its accuracy cannot be
guaranteed. It should not be assumed that any of the securities listed were or will prove to be
profitable.

Larry Swedroe is the director of research for The BAM Alliance, a community of more than 140
independent registered investment advisors throughout the country.
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The Portfolio Management Assumptions that
Harm Clients

April 26, 2016
by Scott MacKillop

Advisor Perspectives welcomes guest contributions. The views presented here do not necessarily
represent those of Advisor Perspectives.

Far too often, advisors accept beliefs and practices that are detrimental to the financial wellbeing of
clients. By reexamining them, you can achieve better outcomes for your clients.

Let’s jump right in.

The MPT problem

Modern Portfolio Theory (MPT) is an elegantly wonderful confluence of insight and mathematics,
worthy of the Nobel Prize that was awarded to its developer, Harry Markowitz. Efforts to implement
MPT, unfortunately, have not been as fruitful as the theory.

The reason is simple. To build an “optimal” portfolio using MPT, you must know three things – the
future expected returns, volatilities and correlations of the asset classes you use in the portfolio. The
problem is no one knows what those numbers are.

This has not stopped highly paid analysts from developing surrogates for the real thing. They go by the
name of “capital market assumptions.” This moniker has a reassuring ring to it, which masks what they
really are: guesses about the future.

The problem, of course, is that these numbers are not fixed, but change every year, and their historical
patterns and sequences are not likely to be repeated in the future. They just keep changing and rarely,
if ever, line up with capital market assumptions.

You can look at historical averages, but these numbers change over time, too. In his original MPT
paper, Markowitz said that history might be a good starting place, but that ultimately the “judgement of
men” would be required to refine the estimates.

Whatever methodology is used, it better be spot on. Small differences in optimizer inputs can produce
dramatically different outcomes. And the methodology needs to work equally well in estimating returns,
volatilities and correlations across a variety of dissimilar asset classes.

Optimal portfolios are like unicorns – they don’t exist in real life. That wouldn’t be a big deal if we all
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could simply accept that fact and move on. Instead, we act as though our capital market assumptions
had a magical predictive quality. If our models tell us to trade, we trade, thus incurring transaction and,
possibly, tax costs.

The rebalancing problem

Even if our expectations about the future have not changed, we still feel compelled to tweak our
portfolios to bring them back to our “optimal” mix. This process we call rebalancing. We may rebalance
periodically – quarterly for example – or we may set percentage boundaries around each asset class
and rebalance when they are exceeded. Either way, the underlying assumption is that our target
allocation is better than the allocation the markets have given us.

Research on the value of rebalancing suggests that it has little ability to increase returns or decrease
risk. Whatever utility exists depends on factors such as time period, the direction of the market and the
relative future expected returns of the asset classes being rebalanced. Yet few, if any, of us take these
factors into account in developing our rebalancing strategies. Instead, we employ simple, mechanical
rebalancing strategies that add little or no value and may even detract from long-term performance.

The only thing we can be sure about is that our rebalancing strategies result in transaction and tax
costs.

The style-drift problem

Just to make sure everyone knows how much we love our optimal mix, we punish active managers
who commit the sin of “style drift.” Style drift occurs when a manager’s portfolio does not ape the
performance of the asset class that it has been assigned by us to represent.

Forget the fact that the manager was led astray by a perceived opportunity to make money. We want
them to strictly adhere to their mandate. Haven’t they read the Brinson, Hood and Beebower research?
Don’t they know asset allocation is far more important than securities selection?

Even though we hired them for their skill, we want them to be closet indexers.

The asset class selection problem

And how did we develop our mandates for the managers, anyway? To put it another way, how did we
decide which asset classes to use in our portfolios? Was there a scientific process or did we just keep
adding asset classes until it felt about right? Did we consider that the addition of each asset class
brings with it additional transaction and tax costs?

Is every asset class doomed to a life sentence in our portfolios – once they are added can they ever
leave? Aren’t there some supposed “asset classes” like commodities or managed futures that have no
real long-term expected return? Wouldn’t it be better to hold them at certain times, but not at others?
“Yes,” you say, “but it is too hard to tell when to hold and when to fold, and, anyway, they are in my
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portfolio as a diversifier to reduce volatility.”

Ah, volatility reduction. Is that a good thing, or a bad thing, or does it depend? Certainly, all things being
equal, we’d like less volatility rather than more. No one likes big swings in their portfolio value – at least
not the downward swings. But all things are never equal. We rarely have the choice of getting the
same return with less risk if Mr. Market is being reasonably efficient. As a practical matter, if we shave
off some volatility we also shave off some return.

Shouldn’t the composition of our portfolios be determined by the objectives of the client? Sometimes it
makes sense to dial the same set of risky/not-so-risky asset classes up or down depending on the
client’s goals. But why construct all of our portfolios using this cookie-cutter approach? Shouldn’t we
question why each asset class is in the portfolio? Why build a conservative portfolio for someone in
retirement using the exact same asset classes as a portfolio built for an aggressive investor in their
30s? In one case, controlling volatility is important. In the other, it gets in the way of fully achieving the
client’s long-term goals.

The data-mining problem

Instead of doing the hard work of solving these problems, we have defaulted to using our massive
computing power to mine the data in search of winning patterns in the historical tea leaves. There we
seek to unlock secrets buried in the sands of time.

Some of these secrets take the form of “factors” that claim to allow us to tilt our portfolios in one
direction or another to give us an edge over traditional passive strategies. These quasi-active strategies
are then packaged and promoted as being “smart” by the same people who tell us that skill does not
exist in the world of investing.

Part of the problem is that these strategies are backward-looking, and the future is never the same as
the past. Yesterday’s smart could be tomorrow’s dumb. It often is. Then there is the “observer effect.”
Just by identifying a winning “factor” we may change how it performs in the future. A winner may
become a loser simply by being discovered.

But more importantly, the past often doesn’t look like we say it does. The data-miners tell us that value
beats growth and small beats large. There are certainly periods in the past when this was true, but
there are also many long periods when it was not.

Identifying “winners” depends on what lens you use and when you look through it. In investing, there is
nothing that always wins, and we shouldn’t invest our clients’ money as though there is. That would be
like determining that there are more sunny days than rainy days and then wearing shorts, a t-shirt and
flip-flops every day of the year.

When we tell clients that we are “smart” because we have perma-tilted their portfolios in one direction
or another they may be justifiably perplexed. Those tilts often do not pay off within timeframes that are
meaningful to our clients. To a client who bought a value/small tilted portfolio at the beginning of 2014,
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it doesn’t look smart at all.

We need to think more about how the portfolios we build and the labels we put on them affect our
clients. Clients can easily lose confidence in our ability to guide them through an uncertain future if our
statements about the past don’t line up with their experiences or with reality as they perceive it. We
need to spend as much time building trust as we do crunching numbers.

Conclusion

Every portfolio we manage has a client attached to it. We must examine our beliefs and practices to
make sure they are consistent with the best interests of those clients.

Start by acknowledging that you know less about the future than some of your practices would suggest
and that many of your tools are less precise than you would like to admit. Every transaction you make
has a cost that is certain and a potential benefit that is not. The costs and benefits can be measured in
both dollars and in trust. We should consider both.

Scott MacKillop is a 40-year veteran of the financial services industry. He can be reached at
scottmackillop0502@gmail.com.
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